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TVBPS ; time-varying multivariate data visualization method based on Parallel Sets
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Abstract: Facing the weakness of the existing visualization method for “time-varying multivariate data with measures” , this pa-
per proposed a new visualization method based on Parallel Sets TVBPS, which was composed by a categories layout algorithm
ACLEARCR (‘advanced categories layout based on average heuristic with cardinality reduction) , a variate arrangement algorithm
based on correlation VABC (variate arrangement based on correlation) , and a algorithm called DCPS (depth cue parallel sets) .
Case studies demonstrate the effectiveness of the method, it shows that the method is conducive to mine the implicit mode in the

data sets.
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