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Programming of micro-clusters algorithm in data stream management system
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Abstract; To integrate data mining functions inside data stream management system is helpful for manage and mine data
stream more efficiently. However, currently, the research community has not paid enough attention to this research field.
Based on Esper, a data stream management system, this paper utilized time window and user defined function,and re-wrote the
Clustream algorithm by Esper processing language, so as to realize clustering algorithm inside Esper. The experiment result
shows that this way can implement the ability of clustering data streams in Esper. Compared with to implement data stream
clustering in Java, to implement it in Esper can assure better clustering ability.
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