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Enhanced soft subspace clustering ensemble based on real valued link analysis
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Abstract: In order to further improve the performance of ESSCE, real-valued link analysis had been proposed to compute the
similarity between fuzzy clusters in ESSC clustering ensemble ( RLA-ESSCE) . The clustering ensemble information was refined
according to fuzzy decision and its similarity. Therefore the performance according to refined clustering ensemble information
had been improved. Experiments were conducted on two synthetic datasets and five UCI datasets. Experimental results show that

RLA-ESSCE is better than K-means clustering (KMC) ,ESSC and ESSCE.
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