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Network cognitive algorithm based on double-layer

Bayesian network enhanced learning
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(Shanghai National Engineering Research Center for Broadband Networks & Applications, Shanghai 200336, China)

Abstract; In order to effectively improve the accuracy of cogntive network, this paper used a double-layer Bayesian networks
model to describe the relations among different variables through a certain hierarchy. Thus, inference would become more accu-
rate. It used reinforcement learning algorithm to learn and classify conditional probability table in the process of inference of these
variables. This way could improve the inference accuracy and deleted redundant information,and it could more accurately reflect
the dependent relationships among network parameters, guaranteed more conducive to precise inference. The simulation analysis

proves the effectiveness of the algorithm.
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