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On-line boosting tracking based on direction texture

entropy combined Haar-like feature

HU Song, SUN Shui-fa’, CHEN Peng, DAN Zhi-ping, DONG Fang-min
(Institute of Intelligent Vision & Image Information, China Three Gorges University, Yichang Hubei 443002, China)

Abstract: Large numbers of features are needed for tracking based on the conventional Haar-like feature based on-line boos-
ting (HBT). The vast amount guarantees the existence of useful features. But it leads to expensive computing and memory re-
quirements. To address this problem, this paper proposed a new method named HBTT ( Haar-like feature based on-line boos-
ting tracking with texture information). It extracted the texture direction and richness information by the entropy of gray level
co-occurrence matrix (GLCM). Then calculated Haar-like features along directions with richest texture. And also governed
the employed feature number by the texture richness. In this way, not only the number of useless features was largely reduced,
but also the total size of the feature pool. Experiments reveal the higher robustness and performance of this new HBTT method.
In general, the tracking error is reduced by more than 10% , and the confidence of the tracking is increased by more than 2% .
Key words: object tracking; on-line boosting algorithm; Haar-like feature; GLCM; direction texture entropy
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