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Abstract: According to the clothing image characteristics are small file, this paper proposed a storage structure design method
of clothing image and their feature data,which combined HDFS and traditional relational database. It achieved rapidly storage
and retrieval for massive image information. Then it improved multi-feature point image feature extraction and matching algo-
rithms, and implemented the clothing image data distributed multi-feature retrieval based on the Map/Reduce platform. The
experimental results demonstrate that this method can balance the system load, improve resource utilization and it has strong
expansibility, effectively reduces the retrieval time of massive clothing image. It is a efficient storage and retrieval method for

clothing image.
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