H31 KFE2H it E A E R R Vol. 31 No. 2
2014 2 A Application Research of Computers Feb. 2014

—FhE iF%lx_MITF’]E'J e-Learning
RIENRFELE L

Mg, FOC, EOE, KRB, FRRK
(L rdrr AN TSR, LA FM 213012; 2. AEKF HENHFE TE£F%,
AR R MM F S TRPRE, TR 44T 212003)

B 211189; 3.

W E: 4% e-Learning 5 3 TR AMRF A AL, AR B —F R T FBEME M ey KRR B 3k, &5 ks lA A
W B kAT R, SR G R IE B B R K R AR 3T AR 0 L5 A AR VA B (LR SR I B ok ) T 5%
A o B IR A PR, SRILAR IR B ) o IR SRR A SR AR 2 ok Sk n 1) B A R B AT, BUIA A A
KR : AMKIEA; e-Learning 5 3] TR AR ; THEFIM; o a5 ki

hE SRS, TP391.6 MRS A XEHE . 1001-3695(2014)02-0417-05

doi;10. 3969/j. issn. 1001-3695. 2014. 02. 023

e-Learning resource ontology matching algorithm

based on subgraph approximate isomorphic

XI Hai-xu', YU Feng’?, WANG Zhi®, SONG Ai-bo”, WANG Xiao-yue'
(1. School of Computer Technology, Jiangsu University of Technology, C/mngz/wu Jiangsu 213012, China; 2. School of Computer Science &
Technology , Eastsouth University, Nanjing 211189, China; 3. School of Computer Science & Technology, Jiangsu University of Science & Tech-
nology, Zhenjiang Jiangsu 212003, China)

Abstract :
isomorphic here. It was an extension of existing methods in ontology matching. Under the comprehensive application of features

For the heterogeneity problem among ontologies, this paper presented an algorithm based on sub-graph approximate

such as edit distance and hierarchical relations, it calculated the similarity of graph structures between two ontologies. Lastly,
it determined the ontology matching on the condition of sub-graph approximate isomorphism based on the alternately mapping of

nodes and arcs in the describing graphs of ontologies. It used an example to demonstrate this ontology matching process and

analyzed the time complexity to explain its effectiveness.
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