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Hybrid text clustering algorithm based on dual

particle swarm optimization and K-means algorithm

WANG Yong-gui, LIN Lin, LIU Xian-guo
( College of Software Engineering, Liaoning Technical University, Huludao Liaoning 125105, China)

Abstract: As traditional K-means clustering algorithm is sensitive to the choice of initial cluster centers, the results may con-
verge to the general suboptimal solutions, this paper presented a hybrid text clustering algorithm based on dual particle swarm
optimization and K-means algorithm. It designed self-adjusting inertia weight strategy which used rate of change of optimal fit-
ness to adjust the inertia weight automatically. Two populations used PSO based on different inertia weight strategies in the
process of evolution. Two populations shared the best individual and eliminated the worst individual by exchanging information
between the two groups of offsprings as well as offsprings and parents to complete the evolution. The algorithm was named dual
particle swarm optimization. The algorithm combined balancing ability of global and local search of dual particle swarm optimi-
zation with efficiency of K-means. Every particle was a group of clustering centers and reciprocal of sum of scatter within class
was fitness function, then optimized newborn particle with K-means. This was called hybrid text clustering algorithm based on
dual particle swarm optimization and K-means algorithm. The results of experiment show that compared with other text cluste-
ring algorithms like K-means and PSO et al, this algorithm has strong robustness and better clustering results.
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