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different loss and distance function
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Abstract: In comparison with batch learning algorithm, online prediction algorithms on large sample sets with high predictive
accuracy, low time and space complexity, and therefore,that plays a very big advantage. The conservative and weigh the cor-
rectness online learning framework proposed by Warmuth and Jivinen, had gotten a wide range of applications. But in the the
Warmuth & Jivinen’ s index gradient down algorithms and gradient descent algorithm, for the loss function in the objective
function, the approximate steps would result in the deterioration of the results of the online learning during the derivation
process. Based on the dual optimization theory, this paper proposed changes to the new classification algorithm based on a va-
riety of loss function and distance function. Through a series of experimental analysis and research results show that the algo-

rithm makes the prediction accuracy better, and verifies the correctness, feasibility and effectiveness of the algorithm.
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