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Abstract: Protein subcellular location prediction can promote scientists to determinate protein functions,to reveal how and in
what kind of cellular environments proteins interact with each other and with other molecules,to understand the intricate path-
ways that regulate biological processes at the cellular level ,and to discover the drug targets. With the exponential increase of
protein sequences in the post genomic age, the machine learning based protein subcellular location predicting methods are be-
coming more and more important. In order to grasp the research focuses on this field, this paper reviewed the research status of
this problem from the following five aspects, dataset construction, protein features representation , predicting algorithm design,
algorithm testing and Web server building. It pointed out the core and difficult parts in solving this problem, analyzed the prob-
lems that had recently arisen,and prospected the research focuses in this field.
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ROC ( receiver operating characteristic curve, ROC) SUFf by ik
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