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Face recognition based on orthogonal SRDA and SRKDA

CHEN Da-yao, CHEN Xiu-hong, DONG Chang-jian
(School of Digital Media, Jiangnan University, Wuxi Jiangsu 214122, China)

Abstract: The dimensionality reduction by orthogonal projection techniques helped preserve the information related to the
metric structure and improved the recognition performance in face recognition. Based on spectral regression discriminant analy-
sis (SRDA) and spectral regression kernel discriminant analysis (SRKDA) , this paper proposed two dimensionality reduction
algorithms named orthogonal SRDA (OSRDA) and orthogonal OSRKDA ( OSRKDA ). Firstly, it gave a set of orthogonal dis-
criminant vectors obtained based on Cholesky decomposition. Then, this paper orthogonalized the projection vectors of SRDA
and SRKDA by this method. Tt was very simple and easy to implement. What’ s more , it overcame the shortcoming that the iter-
ative algorithm of orthogonal discriminant vectors was not suitable for spectral regression dimensionality reduction algorithms.
Experiments on ORL, Yale and PIE demonstrate the effectiveness and efficiency of the algorithms, and show that these algo-
rithms can reduce the dimensions of the data and improve the discriminant ability.
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