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Kinect-based depth image fusion method
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Abstract: Compared with traditional 3D scanners, Kinect is a new kind of range camera, it has advantages of low price, strong
capability of data collection, synchronous acquisition of RGB image and depth image. However, it exists problems of large a-
mount of data,limited reconstruction range,and high dependence on hardware, when Kinect is used to build large and fine in-
door scenario model. Therefore , this paper proposed an effective solution to reconstruct high-resolution 3D model in large indoor
space and it was especially to solve the problem of data fusion with different Kinect image data in the same scene and merging
with different models automatically. Finally,two sets of experiments verified the proposed method and the result proved that it

was very effective.
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