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Comparison between Follow and Retweet on Twitter

ZENG Xue, WU Yue
(School of Computer Science & Engineering, University of Electronic Science & Technology of China, Chengdu 610000, China)

Abstract; This work aimed to compare the differences between Follow relationship and Retweet relationship in propagating the
Twitter users’ influence and measuring the Twitter users’ homophily. In order to find their differences in the first aspect, this
paper defined two verities: V, was defined for the Follow relationships and V, was for the Retweet relationships. In order to ana-
lyze the differences in measuring the homophily, it built two social network separately based on Follow relationships and
Retweet relationships. Then it adopted the wvRN algorithm to classify users in these two networks. By comparing the V, and V,
values for a group of user, it can be found that the Retweet relationship win in propagating the user’s influence. By comparing
the classification results, it can be found that the Follow relationship contains more homophily information, that the accuracy
based on Retweet is 20% higher than that based on Retweet. But the results also illustrates that different kinds of users have
different communication characteristics. This research shows that Follow relationships and Retweet relationships contain differ-

ent information.
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