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Centrality based microblog influence entity discovery

ZHU Jing-yi
( Dept. of Computer & Information Technology, Zhejiang Changzheng Vocational & Technical College, Hangzhou 310023, China)

Abstract: Discovery of influential people is a very important research topic in microblog. Betweenness centrality is an effi-
cient method to find important nodes in networks. However, traditional betweenness centrality algorithms are only fit in small
size of networks, and not efficient in microblog of massive messages. This paper proposed a random walk based betweenness
centrality algorithm, and this algorithm could deal with massive microblog messages, and was more efficient than related work.
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