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Robust optimization method based on slope

YANG Zhao, DAI Guang-ming, PENG Lei, WANG Mao-cai
(School of Computer Science, China University of Geosciences ( Wuhan) , Wuhan 430074, China)

Abstract; This paper proposed a new robust evaluation way based on slope which was computed by the three-order inverse
distance square weight difference algorithm. Slope index reflected effectively the trend and smoothness of the benchmark func-
tions. Then it designed a multi-objective evolutionary algorithm to solve the robust optimization problems. Simulation experi-
ments verify its effectiveness. The experiments also show the advantages of the method in the distribution and the distinction of

solution.
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