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Research of segmented autocorrelation frequency estimation algorithm

ZHANG Xiao-wei', LI Yang-yang, MENG Fan-ming
(College of Science, Harbin Engineering University, Harbin 150001, China)

Abstract: In view of the question that the estimation performance and the computation for two-stage autocorrelation frequency
estimation algorithm( TSA algorithm) can’t be taken into account, this paper proposed a new two-stage autocorrelation ap-
proach which was based on sinusoidal signal to solve it. The algorithm first bisected the observed signal to get two signals of
same frequency as the source one with different phase and uncorrelated noise. Then it used the LP property of sinusoidal signal
and the self-correlation function, established the parameter estimation equation and obtained the high-precision frequency esti-
mation algorithm. Finally,it performed the Monte Carlo method to verify the effectiveness of the algorithm. The simulation re-

sults show that the new algorithm is better than the TSA algorithm as a whole, and also it has a good practicability.
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