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Detection algorithm research for hot topics in micro-blog

based on time characteristics
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(College of Electronic & Information Engineering, Lanzhou Jiaotong University, Lanzhou 730070, China)

Abstract: Combined with the important role of the time factor in the detection of hot topics, this paper studied how to effec-
tively get the latest and the most valuable topic issues in the micro-blog based on the theory of user interest and the behavior
between users, and proposed a hot topic detection algorithm ( TimePageRank, which modified the PageRank algorithm) with a
time argument. First, the algorithm extracted topics which were interesting to users by using the voting mechanism and recor-
ded the generation time of the topic. Then, it calculated the weight of each topic. Finally, this paper used the proposed algo-
rithm to rank these topics to detect hot topics in the micro-blog. The experimental results over real data set illustrate the effec-

tiveness and efficiency provided by the algorithm.
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