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Chinese word sense disambiguation based on parsing analysis
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Abstract; In order to improve the quality of word sense disambiguation, this paper analyzed the structure of the context inclu-
ding an ambiguous word and proposed a new method of word sense disambiguation based on parsing knowledge. It extracted
parsing information and part of speech as disambiguation features. This paper used naive Bayesian model as word sense disam-
biguation classifier and trained its parameters on sense-annotated corpus. Then it applied the classifier to disambiguate ambigu-
ous words in test data. Experimental results show that the accuracy rate of disambiguation is improved and arrives at 66.7% .
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Node * Find_WNode( Node * pNode, CString w) {

if( pNode == NULL)
return NULL;

if(! pNode—IsLeafNode( ) ) {
if( pNode—Word == w)

return pNode;
}
else{
if( pNode—RBrother! = NULL)
Find_WNode( pNode—RBrother, w) ;
}
}
CString Feature_Extraction( Node * TS, CString w) {
Node * p = Find_WNode( TS, w) ;
CString f="";
if(p! =NULL) {
if(! p—LBrother—IsLeafNode( ) )
f="LS =" + p—LBrother—POS;
else
f="LP =" + p—LBrother—Phrase + "LCS =" + p—LBro-ther—
CPOS;
if(! p—>RBrother—IsLeafNode( ) )
f=f+"RS = "p—RBrother—POS;
else
f=f+"RP ="+ p—RBrother—Phrase + "RCS =" + p—RBrot-
her—CPOS;
f=f+"PP ="+ p—Parent—Phrase + "PCS =" + p—Parent—
CPOS;
}

return f;

}
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