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Abstract; To overcome the shortcomings of the traditional fuzzy C-means( FCM) clustering algorithm which were simple image
feature description and easy distributed by complex grey influence with wrong segmentation, this paper proposed an improved
FCM algorithm for image segmentation, combined with universal gravitation principle and local entropy theorem. Firstly, it in-
troduced the image local entropy to accurately measure image node property between two adjacent nodes, and meanwhile com-
puted the node homogeneous value. Then it was taken as the node quality,formed closely relationship using gravity algorithm
which made the node grey feature and spatial position combine effectively. The above method solved the problem of the descrip-
tion of node feature isolation of traditional FCM algorithm. Finally, the simulation results show that the presented algorithm can
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obtain more precise segmentation results from three types of grey non-uniform distribution medical images.
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