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Novel alarm correlation clustering algorithm
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(School of Electronic & Information Engineering, Jinggangshan University, Ji’ an Jiangxi 343009, China)

Abstract: Aiming at the alarm floods and the complexity of network fault, this paper proposed a novel alarm correlation clus-
tering algorithm. The algorithm combinatorial method based on cellular learning automata( CLA) clustering and ID3 decision
tree learning algorithm. The CLA used learning automata to cluster the alarms and events, however if there were any subgroups
or overlaps within a cluster, the ID3 decision tree trained on that cluster refined the boundaries, it could reduce a number of
alarms and locating the root cause alarm. The simulation result show that this algorithm can analyse alarms efficiently and in-
dentify the root cause alarm accurately.
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