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Abstract: For inefficiency information acquisition and costly hardware of mass data processing in large-scale applications of
Internet of Things, this paper built an analog to information converter( AIC) data processing system model based to compressed
sensing( CS). It designed signal demodulation module, filtering module, sampling module, and reconstruction module to pro-
cessing signals which contained different frequency components through MATLAB/Simulink. Experiments show that, the mo-
del achieves low speed sampling and accurate reconstruction of sparse signal, and the sparse signal reconstruction efficiency
and quality are related to observations value M, rows extraction value K and signal frequency components.
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