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Abstract: In order to discover the migratory trajectory and stopover, this paper proposed a method combining stopover detec-
tion algorithm and single-linkage cluster algorithm. It verified the accuracy and effectiveness of the above method by the history
location information of the birds in Qinghai Lake, and other methods applied to the field was analyzed and compared, such as
DBSCAN clustering algorithm, subtractive clustering and fuzzy clustering algorithm. The result shows that the proposed method
can overcome the shortcomings of conventional approaches that only consider the space location information of the migratory da-

ta, and discover the bird stopover and migratory trajectory accurately and effectively.
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CombineMethods ( D, StDist, StTime , MaxCenters ) ;
clusterCenters = Stopover( D, StDist, StTime) ;
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newCenters = SingleLinkage ( clusterCenters , MaxCenters) ;
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return newCenters;
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clusterCenters = [ ] ;
ValidDataNum =0
Stopover( D, StDist, StTime )
clusterCenters = [ ] ;
for index] =1 to Length(D) -1
for index2 =index] +1 to Length(D)
if(dist(indexl ,index2) > = StDist)

if (timeDist(z,7) > = StTime)
/7 kg Lk Mo G300 IO B R R G 26 BE
Lat A = (Ai_k. W)/(-i+1)
.7'4
Lat_A = (kz,_k. lg)/(j-i+1)
Add( clusterCenters, Lat_A,Lng_A,timeDist(i,j) ,time(i) ,
time(j) ) ;
//Time_S =time (i) ;
//Time_E = time(j) ; Time_D = time(j) — time (i)
ValidData = ValidDataNum +j —i +1;
else i =j + 1 ;break;
elsej=j+1;
return clusterCenters ;
end;
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