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Hot keyphrase extraction based on TF * PDF
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Abstract: Key phrase extracted by traditional TF * PDF method could represent topic accurately and track reports effectively,
while sometimes noise data may be also recognized as key phrase. This paper proposed two-step key phrase extraction method
based on improved TF * PDF to filter noise data. The method combined traditional TF # PDF and position-weight to compute
weight of words and phrases, it used obtain candidate hot term list and the burst value of term to filter the noise in the list. In
the second step,a phrase identification process combined hot terms into phrases using position information, frequency informa-
tion etc. At last the position-weighted TF # PDF algorithm are also used to weight the phrase, and chose the top K phrases as hot
key phrases. The experiments on the real Web data indicate that this extraction method is able to filter noise data completely
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and provides a solution with improved quality at topic tracking in comparison with traditional TF * PDF.
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