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User-adaptive Item-based collaborative filtering recommendation algorithm

WANG Cong-mei*, WANG Cheng-liang”, XU Ling"
(a. College of Computer Science, b. School of Software Engineering, Chongqing University, Chongqing 400044, China)

Abstract; The traditional Item-based collaborative filtering algorithm regards every rating as equal importance when calculat-
ing the similarity between items,and ignores the impact of the similarity between co-rated users (users co-rate both two items)
and target user on the similarity between items. This paper proposed a user-adaptive ltem-based collaborative filtering recom-
mendation algorithm, in which the rating of a co-rated user on an item was weighted by the user similarity between the co-rated
user and target user,in order to select different neighbors of a certain target item for different target users,and so as to improve
the recommendation accuracy. The experiment results suggest that the proposed algorithm can efficiently improve the recom-

mendation quality.
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