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Abstract: This paper proposed an frequency domain LMS algorithm of dynamically innovation the parameters. The DSFB-FD-LMS
algorithm compared the PSD of output err signal and the noise PSD. If the PSD of the err signal was bigger than the PSD of noise, it
innovated the frequency bin, on the contrary, it stoped to innovate the frequency bin. The advantages of the proposed algorithm
include two aspects :compared to the traditional FD-LMS ,the proposed algorithm chose to innovate the frequency bin,so it suppressed
the noise ,and diminished the deviation,the second aspect is that the proposed algorithm reduced the complexity of computation.
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