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Detecting community structure using stochastic cluster sampling algorithm
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Abstract: Firstly, this paper constructed a sparse similarity network based on the node’ s local information. Then, proposed an
algorithm of detecting community structure using the improved stochastic cluster sampling based on the sparse similarity net-
work. In the artificial and real networks, it compared the proposed algorithm with the no improved stochastic cluster sampling
and several typical algorithms detecting community structure in time complexity and accuracy. The experimental results show

that the method has obvious advantages in the time complexity and it has better accuracy rate than other algorithms.
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