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Volume rendering based on zero-cross points of boundary surface

XIA Bin, WANG Li-sheng
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hat Jiao Tong University, Shanghai 200240, China)

Abstract; The arch of transfer function space based on gray and gradient amplitude result in voxel’ s ambiguity in volume ren-
dering, which made interested targets cannot be selected quickly and precisely by operator of visualization tool. This paper
proposed a new algorithm that zero-cross points of boundary surface introduced in the 2-dimensional feature space. This algo-
rithm utilized Marching-cube to trace boundary cubes and record all zero-cross points(ZCP) of these cubes. Then the feature
space could be reconstructed with these points to assist selected interested boundary surfaces. In the end, some experiments

conducted proves this method effectively helps render boundary surfaces.
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