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Algorithm of image matching based on improved SIFT feature and

graph transformation matching
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Abstract: As the SIFT operator might extract more false keypoints in the image with various texture, which would affect the
result of image matching, this paper proposed a new algorithm of image matching based on SIFT local invariant feature of Har-
ris threshold criterion. On the basis of extracting SIFT invariant features, the extracted invariant feature was selected based on
Harris threshold criterion. Therefore, there leaved some more robust and well separable features because the worse separable
features were rejected in some region of close-grained image. Finally, it used the vector of invariant feature and graph transfor-
mation matching method to match accurately. The experimental results demonstrate that the image matching is high efficiency
and robust if it combines stable features with a better matching strategy.
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