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Chinese spam filtering based on graph regularized MNMF algorithm
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(1. School of Information Engineering, East China Jiaotong University, Nanchang 330013, China; 2. Division of Scientific Research, Jiangxi
University of Finance & Economics, Nanchang 330013, China)

Abstract; Text e-mail data represented by vector space model (VSM) are high dimensionality. This situation is not conducive
to construct e-mail filtering model. Therefore, dimensionality reduction need be performed. MNMF could simultaneously
achieve dimensionality reduction and e-mail classification, and graph regularized NMF could keep the geometrical structure of
the data space. Based on the above two improved NMF models, this paper put forward GMNMF algorithm, and designed an
iterative solution algorithm. Using GMNMF algorithm and other related algorithm do Chinese spam filtering experiments. The
experimental results show that the model of the proposed algorithm is superior to models of other good algorithms.
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TR RO AR b BB L, FL (A A 1 B i 3%
REGEH AT UL B SR Z AT 5 o AMEANIE, 725 Fh4E
Bk H  GMNMF [ F1 S(EARE T HAN A . miH, B A
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ST UEREA SZIG A R . 22 CMNME ff 40 B4 4% 52 i 0 B
AF1R 4 MNMF (GNMF H1 NMF ) S50 R 4% 52 J5 BB 45 5 4%
Ho XTTFAHIA R %L, GMNME 44 (1) 452 784 15030 43 2 28R AR
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