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Salient region detection using adaptive circular spatial surround
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(a. College of Information Engineering, b. College of Mechanical & Electronic Engineering, Northwest A&F University, Yangling Shaanxi
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Abstract: In order to improve the situation of low accuracy of image retrieval in complex backgrounds, this paper proposed a
retrieval scheme based on adaptive circular spatial surround. Considering the concentric structure of the human eye reception
field, it adopted circular spatial surround. Then it calculated the salient values of pixels in that surround through weights
generated by a two-dimensional normal distribution. Finally, it employed a simple threshold segmentation process on the sali-
ency to generate a binary image. Experiments were carried out on 2 natural image sets. The results show that, compared with
three state-of-the-art salient region detection methods,the proposed method gives improved accuracy in acquiring the saliency.
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