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Abstract : Computer-aided diagnosis of melanoma is a new medical diagnosis method, based on the texture features of confocal
laser scanning microscopy ( CLSM) skin images, it uses the machine learning methods, for the accuracy of diagnosis of malig-
nant melanoma and valid identification of malignant melanoma. The paper applied currently popular machine learning methods
including the ID3 algorithm, classification and regression tree (CART) algorithm, AdaBoost algorithm, to features detection
between benign and malignant melanoma images. And then it compared the performance of each learning method. Experimen-
tal results show that the AdaBoost algorithm has the best discrimination performance. It improves the early malignant melanoma
diagnosis accuracy, and reduces the misdiagnosis rate of benign common nevi, also it provides an objective basis for clinical

diagnosis and early detection.
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