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Multi-view canonical correlation analysis based Web spam detection
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Abstract. Firstly this paper divided the features of Web spam pages into the content feature based view and the link feature
based view. And it employed canonical correlation analysis and promotion methods for feature exiraction to generate two new
feature sets for each Web page. Then it implemented different combinations of the two new feature sets of Web pages to pro-
duce a single view for Web pages, which used to construct classification algorithms. Experimental results show that considering
Web page data as two view data and applying multi-view canonical correlation analysis techniques can effectively improve the

recognition accuracy of Web spam.
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