%30 5% 3 8 it HE R R AR Vol. 30 No. 3
2013 %3 A Application Research of Computers Mar. 2013

ETREAGRBHUXEKSEXTE

R, AT W, BER
(ERXF HHMNFR, TR 400044)

W OE. 2B EXPHAANB XTI 5 ELEMAE small disjunction 192, 7 Lazy 7 ik o £ 2 £4&, 4F3TiX &
RFEBEHEE,BET —HEATRERGGXKSET R, BREEA  AANFSEHALZTHLEZX
FPIOBXG ST EBRHIRERFASEBHMEAF S EHAAZXBEX R, RH LS L BHIEGH
SRR Lazy BX RN ; RIGESMET EFN S RERFINRAN S RER, FRRRTEZT EEEA
Ry ET H EREN, BEH EFES R ERRFPATRE T @R BT BAFH R,

KEBIR: RAR; AWy LTk, BRXE T Fik; Lazy ik

b ESZES: TP312 XHkFRERG: A NEHS: 1001-3695(2013)03-724-04

doi;10.3969/j. issn. 1001-3695.2013. 03. 020

Associative classification based on hybrid strategy

LI Xue-ming, FU Meng, LI Bin-fei
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Abstract: The existing explicit learning method of associative classification can’ t solve small disjunction problem and the lazy
method’ s classification efficiency is low. According to the deficiency of the two approaches, this paper proposed an improved
algorithm, associative classification based on hybrid strategy. The algorithm could be summarized as follows. Firstly, it judged
whether the test sample met the classifier characters of the explicit learning mode, then used the explicit learning method to
classify the test sample which met the classifier characters and used the Lazy method to classify the test sample which didn’ t
meet the classifier characters. Finally, it combined the classification results of the two types of methods to get the final classifi-
cation results. The experiments compared this method with the traditional associative classification approaches. Results show

that the method is more effective in terms of classification accuracy and execution efficiency.
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