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Overlapping communities detecting based on similarity of edge

SHI Wei, FU He-gang, ZHANG Cheng
(College of Computer Science, Chongqing University, Chongqing 400044, China)

Abstract; To void GN alorithm’ s problem and reduce the computational complexity, this paper proposed a new algorithm
called EGN which based on the partition of edges in network. According to the partition of edges, each edge would be parti-
tioned to an independent community, consequently nodes could be partitioned to multiple communities. It could detect the o-
verlapping community in networks at last. Line graph would be constructed before using EGN algorithm which based on the re-
lationship of nodes in network. And after that, the algorithm calculated the similarity of edges in network. It proposed the
method of calculation of edge similarity which based on the similarity of node, and then constructed dendrogram of line graph
in the whole process at last. Each layer of the dendrogram was related to the partition of networks. Through dividing the den-
drogram in one layer, it detected the communities. It used a function of partition density to measure the capability of partition.
At last, it applied this algorithm in the Zachary’ s Karate Club network, and compared with GN algorithm. The results of ex-
periment show that the EGN algorithm is able to detect overlapping communities very well.
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