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Object-based building extraction with optimal image segmentation scales
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Abstract: In high resolution remote sensing images, the traditional pixel-based methods are inefficient when extracting infor-
mation from images. This paper introduced an object-based image analysis method to extract building information. At the be-
ginning, it used a multi-resolution segmentation method to divide the image into segments, which were image objects that im-
plemented further analysis and classification. Through the intra-segment and inter-segment heterogeneity measures, it used an
unsupervised optimal scale method to segment the image. In order to get a better segment results, it segmented the under-seg-
ment and over-segment regions caused by single scale segmentation with a smaller scale and merged respectively. To classify
the image objects, it used the digital surface model (DSM) derived from LiDAR data and spectral information together to ana-
lyze and get properties of buildings, and extracted coarsely by height distribution and the green ratio of objects the building. To
get a refined building extraction, it used spatial information such as size and position. In the final result, experment extracted

18 buildings objects from the high resolution urban image. The result shows the method is efficient and feasible.
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