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Detection of complexity video event based on hypergraph model
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Abstract; In recent years, semantic event analysis is more and more attention. To researchers, semantic event detection and
recognition is a challenging area. This paper presented a method for detection of complex video event based on hypergraph
model, which could analyze the trajectory of the object for detecting sub-events, built a timing diagram and dependency graph
for generating a sub-events hypergraph, and used spectral hypergraph cluster for analyzing the complex event. It used the
graph transformation tool AGG simulation to verify the new method. Experimental results show that this method has higher ac-
curacy and recall rate.
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