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Fast model for kernel extension of graph embedding

LIN Yu-e', LI Jing-zhao' , LIANG Xing-zhu', LIN Yu-rong’
(1. School of Computer Science & Engineering , Anhui University of Science & Technology, Huainan Anhui 232001, China; 2. School of Astro-
nautics, Harbin Institute of Technology, Harbin 150001, China)

Abstract: Kernel extension of graph embedding for the small sample size problem such as face recognition needs not only a lot
of computation time but also very large memory cost, then this paper presented a fast model for kernel extension of graph em-
bedding. Firstly, it reduced the original samples into a lower space, which was feasible according to theorem 1 and theorem 2.
Two theorems also show that this dimension reduction process is not losing any discriminant information. Then it computed the
new low dimensional samples by kernel extension of graph embedding. The numerical experiments on facial database show that
the proposed model not only reduce the computational time but also ensure rate of recognition in classification.
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