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Passive image splicing detection based on third order statistical features

ZHAO Xu-dong' , YUAN Ye’ | LI Sheng-hong' , WANG Shi-lin' , LI Jian-hua'
(1. School of Electronic Information & Electrical Engineering, Shanghai Jiaotong University, Shanghai 200240, China; 2. Business Informa-
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Abstract: This paper proposed a third order statistical features based method to detect image splicing operation passively. The

dependences among neighboring three states in the state-array were modeled as CCPM which was treated as discriminative fea-

tures for SVM classification. Since the dimensionality of higher order statistical features grows exponentially with the order, it

introduced PCA to decrease the complexity for classification and to overcome the potential over-fitting problem. Experimental

results show that the conditional co-occurrence probability matrix features outperform traditional Markov features and gray level

co-occurrence matrix features in both 8 x8 block DCT domain and spatial domain. PCA is an effective tool for image splicing

detection and new features with much fewer dimensionalities after PCA perform as good as original features.
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