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Iris identification method based on local and global features

XU Xiao-wen, ZHANG He-ping
(Institute of Biomedical Engineering, School of Geosciences & Info-Physics, Ceniral South University, Changsha 410083, China)

Abstract: Traditional iris recognition systems convert iris images into polar coordinates, and then normalized the images to
achieve rotation invariance by rotating the feature vector. In order to decrease the complexity of typical iris recognition method,
this paper presented a method of iris image identification based on global and local features that exiracted from preprocessed
iris image without normalizing. Firstly it applied a bank of non-tensor product wavelet filters to extract the global features of
iris. Secondly, it used a SIFT method to exiract the local features of the selected regions. Finally, it tested the similarity dis-
tances of local and global features with different weights. Experimental results show that the proposed method has the correct
recognition rate of 99.065% when the equal error rate is 0. 935% . Without normalizing the iris images , the proposed approach
can obtain very good recognition performance.
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