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Abstract :
identification problem signals, this paper put forward one new kernel function. This paper proved the proposition that the new

According to the shortage of the SVM, which based on common kernel function, used in non-linear system

kernel function was correct, which could satisfy the Mercy conditions, and it could be used as the kernel function. And then it
built the SVM based on the new kernel function. It used the proposed SVM to identify parameters and forecast future informa-
tion of the non-linear dynamic signals. Simulation experiment results validate the feasibility and effectiveness of the method,
which compared with the SVM based on common kernel function.
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