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Abstract .
fined attacking model, differential privacy ensures that adding little amount of noise have a low risk of privacy disclosure. This

Differential privacy approach makes data distortion to preserve privacy by means of adding noise. To a rigorous de-

paper surveyed the definition of differential privacy, showed the newest results in research, introduced algorithms of classify,
clustering on differentially private learning, and presented a differential privacy application framework PINQ( privacy integrat-

ed queries). Finally, this paper discussed directions for future research.
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