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Possibilistic C-means clustering algorithm based on hybrid kernel function

HANG Xin, LI Lei
(College of Automation, Nanjing University of Posts & Telecommunications, Nanjing 210003, China)

Abstract: Traditional fuzzy C-means algorithm have a bad clustering result for non-spherical data and it is easy to be affected
by the noise data. To solve these problems, this paper used the advantage of possibilistic C-means clustering algorithm and com-
bined hybrid kernel function, proposed HKPCM algorithm. The samples in the original space were mapped into a high dimen-
sional space by using this algorithm. So the samples became linearly separable and it was easy to cluster in kernel space. Expe-

riment results indicate that the HKPCM algorithm is feasible and efficient.
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