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Fuzzy C-means clustering based on self-adaptive weight

REN Li-na, QIN Yong-bin, XU Dao-yun
( College of Computer Science & Information, Guizhou University, Guiyang 550025, China)

Abstract: Due to fuzzy C-means clustering algorithm rely heavily on randomly select C clustering centers, so outlier and une-
ven distribution of the samples easily influenced and made it easy to fall into the local optimum states. Therefore, this paper
proposed an improved fuzzy C-means clustering algorithm based on self-adaptive weights. The new method expressed weight by
using the Gaussian distance ratio, it computed the weights for every data according to the current clustering state and no more
did rely on the initial clustering center, weakened the influence of outlier and uneven distribution of the samples. The experi-
ments indicate that the fuzzy C-means clustering algorithm based on self-adaptive weights is an effective fuzzy clustering algo-

rithm, has more robust and higher clustering accuracy.
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