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Research of classification method for

natural images based on multitask learning

LIU Cheng, PENG Jin-ye
(School of Information Science & Technology, Northwest University, Xi’ an 710127, China)

Abstract; Considering it’ s difficult to distinguish different images because the content and structure of natural images is very
complex, this paper proposed a classification method for natural images based on multitasks learning. It designed some extra
tasks to assist the main task’ s learning,and constructed correlation matrix that measured the correlation between tastes. It pro-
posed a study model that main task jointed extra tasks to make decision. And controlled the degree of extra tasks involved main
task’ s decision though the correlation between main task and extra tasks. Experiment results show that the proposed method
can markedly improve the generalization capability of classifier comparing with single task learning, especially in the case of
lacking enough prior knowledge.
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