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Multiscale denoising algorithm based on Shearlet frame
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Abstract: One of the most common shortcomings of the frameworks of the system Curverlet and Contourlet is lack of providing
a unified treatment of the continuum and digital world. Now Shearlet systems are the only systems which satisfy this property,
yet still deliver optimally sparse approximations of images. This paper presented a band-limited Shearlet for multi-scale analy-
sis. It used fast PPFT transformation to images , weighted and windowing treatment to get Shearlet coefficient,then optimized the
decomposed coefficient of the image noise through the SURE-LET, and finally obtained the denoised image by inverse Shearlet
transform. The experimental results show that, compared with the current denoising algorithm, the algorithm takes the certain

advantages in the PSNR,SSIM and time.
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