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SAR image reconstruction based on Bayesian matching pursuit
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Abstract: Based on sparse learning and CS theory, this paper proposed a new SAR image reconstruction method. The process
of image reconstruction was treated as a linear regression problem and the image to reconstruction was the unknown parameters
of the regression model. It used Gaussian mixture parameters to predefine the prior conditional density of the unknown parame-
ters in order to confine the sparsity. A set of model could be achieved that could be used to reconstruct the image in sense of
MMSE. When the hyperparameters were unknown , the method based on EM could be used to estimate. Simulation results indi-
cate that the Bayesian matching pursuit based method can get a precisely reconstructed image and the details can be preserved.
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