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P2P streaming identification method based on endpoint features
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Abstract: Due to the great differences in statistical features between control flows and data flows, the performance of DFI
(deep flow inspection) in the identification of P2P streaming traffic is not so ideal. Enlightened by the idea of DFI, this paper
proposed a P2P streaming identification method based on endpoint features. This method chose six features aimed at net-end-
point so as to identify P2P streaming traffic using machine learning. Experimental results show that this method performs better
in overall accuracy over DFI, and it can also be used in real-time P2P streaming traffic identification.
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