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Sequential pattern mining algorithm based on

last item location information of sequence
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Abstract: In order to solve the defects of repeatedly scanning projection database looking for local frequent item and produ-
cing, mining large number of duplicated project databases in PrefixSpan algorithm, this paper proposed the SPM-LIPT algo-
rithm for sequential pattern mining. By connecting the 2-sequence LIPT (last item position table ), the algorithm found the
next item of the sequence, realized sequential pattern growth and avoided repeatedly scanning projection database. At the same
time, it also could avoid producing and mining large number of duplicated project databases by checking SLIFPT ( same last i-

tem first position table) prior to pruning. Experiments show that the algorithm is effective.
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