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Abstract .

applied the non-downsampling morphological Haar wavelet decomposition which would result in the separation of high frequen-

This paper proposed a region-based non-downsampling morphological wavelet medical image fusion algorithm, and

cy sub-band and low frequency sub-band to be fused image. For low frequency sub-band, the image fused by means of the ab-
solute maximum directly. While for the high sub-band, the image should be partitioned into regions which were to be used to
match according to the activity index of each other, and then the matched regions would be fused under the rule of energy max-
imum. Finally, the reconstruction of the fused image would be performed in terms of the high and low frequency sub-band. As
a result of this experiment, integrating the advantage of the morphological wavelet fusion which kept the shift-invariant, the al-
gorithm enhances the details as well as the intensity of the fused image and overcomes the shortages such as the sensibility to
noise and the non-precision alignment.
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