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Abstract: Most frequent item sets mining is the focus and the difficulty of text association rules mining, and directly deter-
mines the performance of text association rules mining algorithms. Aiming at shortcomings existing in most frequent item sets
mining algorithms, this paper improved traditional inverted list, it combined minimum support threshold dynamic adjustment
strategy and presented a new most frequent itemset mining algorithm based on improved inverted list and set theory. In addi-
tion, it also offered several propositions and deductions which were used to improve the performance of the provided algorithm.
Finally, through experiment testing, the provided algorithm is better in effective rate of rules and time performance than NApri-

ori and IntvMatrix which are two frequently-used most frequent itemsets mining algorithms.
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